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1. Back propagation algorithm
2. Feed forward Neural network
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1. Pruning algorithm

2. Back propagation algorithm
3. Feed forward Neural network
4. Feed forward Neural network
5. Global Optimal Solution
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1. Taguchi method

2. LVQ Net: Learning Vector Quantization Net
3. SOM Net: Self Organizing Map Net

4. Canonical Decomposition Technique

5. Network Information Criterion

6. Polynomial TimeAlgorithm
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2. Supervised Learning
3. Taguchi method
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2. Significant Effects
3. Response Surface
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1. Levenberg — Marquardt Algorithm

2. Response variable

3. MSE :Mean Square Error
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1. Replication

2. Model Adequacy

3. Normality of Residuals
4. Equality of Variances
5. Full Quadratic Equation

va



e sl 4SS ol solono i b Jo )L(oﬁj‘jﬂﬁwflé)wn

Y=B 4+t X 4ot B . (v)

P 2 LY P, N P, Y LY
+ﬁijxixj +...+ﬂ”j><“xj +...+,Bijjxixj +...+ﬁ”jjxi X]

MY Jseme el i B ialib Jole ol s kg sh X5 5T o €S

s Lolenl s e ol 0ol [ aed S5 58 (51 4 Ui el sadisusline

Joals b 5w S Gl g s culoed s 3l o il o st Sl e (o A
il oo Sty S gans & s (s5ktings dlise S U 5l g S5 paale3T )

Sulgading Jao sl ¥
goie sletodn 5o (63550 8uiienals pte 053 (el Gl fge & 555 5 el
QﬂM‘L;SlAJ@“):xLi\S ‘GJJJMS(@M‘@J&;‘LMSJEM‘}‘JJIL\S 6JLA3§|
9 Lr"“l:""“ (GJLA:I:Q' CJ‘_S_.\: ")ljd,\é:\ C:l\}o‘l_} uf.ol; o Lﬁl.a.u‘)tl ‘L}Jg‘).b :)\9‘):\ .JJ‘J 6“’3:\5

D5 Sy 380 O e 0 51 Cae wb uls rea 4 5 upls elaial

09 538 (slass 5 9l 58 B me daa 3 (635 olie (SLalE maenils 5 Suesl S Sn iy s
ol sad salii e s e sledae 31 T Jod o g sa aladl gob) oladas il sladas
2 @3 glglela sl iy 51 ARIMA 3 ARMA gl s, 5 Akar s Edigar
5 2l Sea L, ol sulai L Ghosh [ Y]ws S suldial ¥-Y- BY-r0 ale)s,g0 o asS
NoAY =Yoo N a0 b aia 38 clasa, sl 58 cLal® iy gl Uad manad Jas
oty ¢l Oledes e¥ulas sl SIPokharel [Y- YV-Y-YY and V] .o S soldio
SESOL aae 4l S 5 )Kaa g Nasr [E€]s S suliind U Lo 3,59 slebela B pnms
s Jebaraj s Iniyan [4 - 0-AQY Lo 0]uu S suliiul fp i B as (sl (gl
suls das 53 (slgdus 6 50 ylae 3 ol o [NA-0Laad N uinils (635,53 slgdas 5o oaola
&;\EA: U:“ o9 [EV‘-\‘\—O‘\UA.AA¢£-\]CAA-AJ| LERY J‘JJJ.A‘):\ ErE J‘)S.LQ.C :)‘ ’Lc.&l :L@S;CS: O:\‘ é;\ﬂ.t\
=bb @l o esias puac Kb ) Augin @l esias ac Kb glie diues
..\.4.’2-bJGL.u‘GJLAA.A@“)JaJJGJ%JM‘}‘OTQL\H‘}AM@GJLAM



’rAVJL’...oj‘fo)uc’r:jjJ JL&/,:_}L&J«)AAMLLAJ

sy 38 glass s Bay e oSl aledl 5 LT 35S0 5 dlliws slasaly
el VYAE s dale ds BAYVA sldlo b 58 dlale (8 yume 4 b s e 5 oua]

s dsud slgan gy g Y-V

030l 3 se (sl 5o (gleSas LB (susus LAt Bl lie (glie sans (s
Oloed Jlo saite Jolis (suliiy (59500 site g5 59 5l HEEE Lsuae Glable S iy
slos smadie o limd ol 5udd 51 gl o siedss Juadd pasie bl w5 glanla
cenalsat soliind (LAG) @il 5uals Huulie cpinas 5 5538 S gins slealKivn! ol
0 (Shsan 553 ol 51 Gl Al slasiate culie slasd sl B3 ol 5o
VJV (SLQ_K_:L B [V/\O—VVEUA_‘.A:Z/\]A—:L éd‘.ﬁ]-ua‘ _}_'s:&l? K] uusl..i 6L€JJA B \(PACF)
RGN AJJJT)ESJJQA UL.\.A GLAQ.J‘J‘L.: LJ%JAPACFJACF J‘JJAL

Lag

Sl dilale U yume Slo)y sew sl ACF Slasad ¥ Usi

1. PACF :Partial Auto Correlation Function

AN



e sl 4SS ol solono i b Jo )L(oﬁj‘jﬂﬁwflé)wn

S8l dilale & yeas lo) (5w 51y PACF lagad ¥ sk

5305 514 PACF 5 aan o Lt |y (en sinns 50 S ACF ¥ 0 (Lt Gulial 0

Lasala 3l 81 -v-¥
(S pren® S 5 (35 5e] e gane gy Lasals Jgmane ssbes it dline o
e gans 3 g (oaeae Sad 1ol saulie Gaal (5l GBo el (slasuls de sane 5l i s g
S oo sulanl ol prand cubll s 5 cuae Gl QUIS HL5)) e ol slasals
Vo oA o Slens 5 hhsel e sane go o Lasuls (subaacd 5o (3alad cpl o

JYYA-YYY £ ]l sad suldil
L)A.«A

as dsud (g jlaxs dugs ol jbo —T-Y
Chas (g 5 sie 4 uae il Gags solare Gl CBua Ol 8 e e o

cnl SEes wlabe
Jolgs 3 Sa pa slacs g Jol g (aaad —V-0-Y

Ol 09 i (S rae Sud (oLt albb 5o S8 b 5 Jelse (A Cpl oo
¥ 5a (sl 5 ol (Ol LAY wlas (b el sl S aSat g g3 (alob Sl se Bl

AY



rr‘/WJL:...oj‘ZULo..:Ahj_;; JL—J/':_}L&J‘«)JAML—LAJ

ol 5 S pp s 5 s S5 el pe ot 458 S LS s GOl sy b 5 S ls
ol sud ) gie Y gaa o Jolse

olule)l sl g 2l -Y-0-F

5 >bbVJsan 5o LSS S S G ey b uac laid golars la e (pl 5o
0 S5 5 o) 4 pidsel wulid (Ea3 (nl e asdie sals (iDsel (Jeals S
Giisel 5 olagl rme Sud (YU #0=)IA - paans 5o Galnls ol sad al e
MATLAB l38la 55 orae aSu 513l daan ) e 4 (33 g0l (513 ool s suls
S ad ol 4a0bs B38a3 ol Lo sl sadd soliid MATLAB Luas 5o s s34olip s
ok 59 Ealy sadle Grigea y mae Sl g Slae L) el A e (S
el s soliil Ledule )]

ol g 53T 9 (5 Lol Juo da gi —Y¥-0-¥

el sk 80551 Y Jsaa 59 o il 4S5 sl oo ala) byl SuIUT 5 saisals

il ST Gl ¥ Jgun

Source DF Seq SS MS F P
NT \ o/V-E+ve o/V-E+ye v/en oo
Ny Y Y/¢vE+ve V/VAE+Ye YY/61 ofeen
PF \ Y/AAE+YY Y/AAE+YY <[oY <[EVY
TF \ \VWVE+Y¢ \VVE+v¢ Y/ “/+Y4
N\ 4 Y/YYE+Ye ¥/¢\E+YY IYY ARYA

NT*Ny Y VAAE+YE o/AYE+yY A DAY

NT*PE \ YAAE+YY Y/AAE+YY ALY +[oAY

NT*TF \ VANE+YY VANE+YY </\o <At

NT*Ny 4 o/acE+Y¢ WE+YY <INV +Joco

NY*PF Y Y/¥YE+YY VANE+YY DAY AL

NY*TF Y AIY-E+ve ¢/\-Etve o/YV [ev0

AY



e sl 4SS ol solono i b Jo )L(oﬁj‘jﬂﬁwflé)wn

YJ 9 dalyl

Source DF Seq SS MS F P
NY*Ny A ¥/-$E+Yo VAYE+Ye VEA RERAY
PF*TF \ o/ sE+YY o/s SE+YY -V NARS
PF*Ny 4 o/V\E+Y¢ o/VAE+YY Na -Joo
TF*Ny 4 Y/VAE+Ye Y/AE+YY JEA LARL
NT*Ny*PF Y \/VoE+ys ANVYE+YY Ve -/¥ha
NT*NY*TF Y VIYAE+Ye 1/ $E+vY A% “Jeot
NT*NY*Ny \A \/YAE+Yo VIV -Etyy AN DEIA)
NT*PF*TF \ AooE+yY AocE+yY AN VYA
NT*PF*Ny 4 VIY-E+ve Al -E+yy Ve e
NT*TF*Ny ) Y/IAVE+YE Y/\oE+vy i /ava
NY*PF*TF Y a/¢\E+YY ¢/VYE+vY <Y DL
NY*PF*Ny A \/e-Etve VIVAE+YY VY “Jexo
NY*TF*Ny A VAYE+ye YYE+YY < IAN <[\Ao
PF*TF*Ny ) o/aYE+ye /eAE+YY N EEVN
NT*NY*PF*TF Y AEE+\A ¢/YWE+H\A A <Joo
NT*NY*PF*N\ \A a/0sE+ve ofy-E+yY ALY SJAY -
NT*NY*TF*Ny A a/asE+ys of/oYE+YY < IVY IV
NT*PF*TF*Ny ) T/¢aE+ye VIYYE+yY AT +[¢Ao
NY*PF*TF*Ny A V/o1E+ye AVEE+YY VY </¥\o
NT*NY*PF*TF*Ny \A V/ME+Ye V- NEtye VYY ANNY

Error a1 VIYYE+v VSE+YY
Total 1144 a/fE+Ys

o9 0 ol s glaa ulaslys 5 puilisls 5IBT Jsaa 5o P-Value julie Gull 5
W o sl Jad i

el 350 St g Slae jy Sadip g ®

el 330 4Saki o Slae s a0 Oledy ¥ 5o Lga s olaas

Sl 530 4t o Slae s Jpas o

s 4t Slae s 5538 580 alse sl SIS 5o sl ey &0 (slesss ol ™

AY



rr‘/WJL:...oj‘zULo..:Ahj_;; JL—J/':_}L&J‘QJAML—LAJ

S Lo ool il BlEe 531 5n ags Oley ¥ 5 Jsl oledy &Y sl sl ®
9 3 e (ogihe St Slae 3 s 4 Y 50 58 59 G oeSabal eyl

el aiols LlEie B aa 5 bas ol 5 age Gles Y Lo wsase sl slas ®
ook 4Sad g Slae waags 0 JoalS U g S LUS o G alaad o Sl S L
Ddiee Kk o Sae 5B oa e S0 Jaad ol HUS o S s Ho wad

03 Lol sl a3 BB A1 St o Slae 5 4a K1 el ol 0¥ sl slaas
wasle Joliie 31 TG (ke @ 5l Si3e ot o Shae 5o b s LIS

it Hlolias SBT ples G5 (pen 4
Jolse slon b ot s Slae 5 536 3 agdle ddolse (A wsidipe sualie 40l
Ol i S s o 1 LT (i e prae S dings (alob Ho 5 wia Jole 31 610l
59 ol ¥ leuss 5 sasus s o8B Ol s s Zhang & el s o
S ET o Bl 3151 5 auSce 3 5o aa 3 Jiiws 1 LT Sle) slagg s msoin

IFANTAY Gaim0 ]S o gy acdiy s LIIE,80 @l o w55 e

Jao culis Ghuleyf -F-0-v
slate  Kolmogorov-Smirnov cows el 5 LaswslasdSl o pdle s (a8 Gpas (gl
P-Value jluis € 4o s b «S ugd o \V/+ ol P-Value jluie 5 V/-0 ) KS s LT

el J58 BB Guss Jbos o208
5 VEV 5l B sslel Slute Bartlett s aladl b Laguibsls ol 053! ¢ln
Lasuslisls gl Las8 P-Value (oYU B Slulie 4S5 g oo YA/+ Ll P-Value luis

S e aSE ),

diags HBAL Gt -0-0-F
22 JalS 59 da o shbenin S uilisly 5aIBT Jsan 5o slolins HBT 4 a5 b dla e ol 5o
Oob gha e oludng 5 suliia) b LT S o suls gl oiubesT slasals
Mleasia dolas € T 3 oy @ad Al Ho .l o s dag lea denagaas

1. Unconstrained nonlinear optimization

AD



e sl 4SS ol solono i b Jo )L(oﬁj‘jﬂﬁwflé)wn

Glale s Gughy 50 € guae Kb (golane dugs HEALL Ha5e dolae (hluudings

.Aju.a Cread 0¥ Jgan e ol sud soldiul Ses

e Sl golare alb Jolse dug LSSV g0

i)y Ik Jole
555y S Sedps
A U ol & sled g slass
e pos Oley Y sl wlass
MinMax Bl o b
Tansig Oley ¥ Joas &b

Y SO L wilsa Gl S0 S 5 il obe Jeala Sl golans ¥ s b
&l MINMax s 51 5 gty «o¥ 50 TaNSIg Joas ;b 51 o1 o «S a3 A 5 Ol

sl su solaiial Lasals (i 5la st

i Jas gl ) —Y-Y
22 dd il puac Sad gial 5 alagl 5 Y saa pelaly rae il golene alis L
£ Jsaa AJUA Swsts (MAPE) LA wis 0 0 S5he oun

e Kb golare alb Jolse dug oS5 ¥ g0

MAPE "
ARG Ohdgel 4e gans
AR Cud de gano
A Lasols S 4e gans

2l 5 uac Sud ) Jals Swoiy On tanlle (SUIS copet EJE

A7



’rAVJL’...oj‘fo)uc’r:jjJ JL&/,:_}L&J«)AAMLLAJ

(0 o) e

\YVE N\a4% \TVA AYVA AYA- AYAN ATAY AYAY
Slod S

SR wilale i puae a3l suulie 5 Swsoiy Gu dunlie Hloga ¥ IS

L}4SSS),:S L#J@B‘\,)ﬁd&.@ ‘&‘eﬁk@‘mk[gﬁ&)# .io\,.'a.:;.
S g oo saabiie £ JSE 5 dailin ol Sty saolie 4 bigsye Wilewd Huldie ciedle

.ASJ‘J ‘_E.J';JL“M.:\&UQS @5‘3&4&3&&3‘ J;.A‘A )ﬂ_sl_"u

L)) 9 awlio ¥
N Jola (Mt b guae Sud golers abib Ho (algaduy Jae o Slae Il (ias ol 59
O deals nohy SiS 5 o8y slT 0 g suls (L T e 5 el dbd 5 s 0 o)

OS5 S sobel Jas g 5o b aSad (solare alib gt g H SIS ps (ouac Kul
50 wslia ARIMA

Sotare (b a0 Sugy 9o b ulghding Jus o Slas duwllo —¥-¥

b € pne s b o 5 Slae danlBe 4 sulgiading Jso 55358 GOl sl B3 Gl o
..AJLBGA‘G";\J#u\,ﬁbwaam&u\gﬁ:&;}q&);‘ﬂgjmdg&ijGx&uuiJJ‘}l&T(s‘,Lm
uuLu‘):Iu—":)‘MB@&J&JW&JJ;‘@J&M‘;‘JAAL}@JLBLU iJJd.A‘)J

AY



e sl 4SS ol solono i b Jo )L(oﬁj‘jﬂﬁwflé)wn

el sael Lasals S (MAPE)slba ws o 0, Silis

o 5 (o Gl O suliinl b prme S (g 5lere O g0

oh))! b Jole
Sl Ol Kb g
° Jol oley ¥ sl sl

pos Oley Y sl s

StDev G5l oty b
Tansig Ol Y Las 6
V =lasals S slbd win o (Siles

e aV/1 0 =i de gane im0 :SLe

Jae 3 suliieul 4 5 g co sualine bd v e Sl w da 5 b 5 0 sua 3k s

ol cude gl a5 e (B © s gulgidng

bl sledi) b duuliis -Y-¥

a8 5 oo Ly o \-Y-¥

il a3l ol Glsiet Jlo glasiie 3 auae 4Sad aile s S5 Jas ,o
o Sluaile Sl slula ol ety gaadis sa sle laad olhuds Bl glula ol seds Juad
olie 5 H5aS Sygun lealicnl ool o 158 gles JSlas 5 iSlaa 5 eaS
soliial el suite Glsiets (a3l5 Brme 5 JBs e olsices (LAG) ailnals
sl A A dhasly s Sgaen S5 oo el Gl s ol sus

Yt =p. Xyear,t + B, Xseason,t + By XMonth,t (v)
+IB\~ XMaxT t +ﬂzXMinT,t +ﬂth— yFE

:XMaxT,t islo spiie :XMonth,t iJuad saiie :XSeason,t iJles e :XYear,t OT BXIEN

AA



’r/tVJL’.—.dj £ UL«.:AYU_;;

slos Jilaa Xy 0saS Sy s slealKinn) G 5o s (318 sles JSlaa
&A%StJMKaLﬂJWYt_\ :Jﬂ%PGW&ﬁ‘%JJam@)\;
358100 Slaase oS (i b oS il gl (I=) 50 50) LB ()bl Do o

.CA-I-U“\JJA.;C)&:&?QJH;JJJA(S)LAT@EMM.JJ&@

O S5 Jue 5l Jola il £ gaa

R Square < [VAAYYE N &
Adjusted R Square NAAZARTAL
Variable Coefficients t Stat P-value
fave 51 Gase AR CERTS —Y/AYANYYE ey -ovIEY
Jle YIVAL/A YIVAAYYAA-Y [+ YENLAY
Jeas ToYas /v Y/MoA0\ Y144 [+ esoYeANY
N -\-sg0t/o —V/Al-oYoYas /-IVAYYYOA
T i<laa S/ATWAY \/evyora S/AYAYYY
T Jslas ERSL Y NAZATA </gooYoq
Lagy SINAA V/AYAeA S /¥YAYY Y

el S8 0 5 g5tk @l S ) sulgiiny aae «KUE a0 Lasals

ARIMA Jso b dcasio —Y-Y-F
€ il glalea 5 solie ha (S35 al oole ARIMA(D,Q) Jas osae 5 obas

Zt = ¢\Zt—\ + ¢\Zt—\' +..t ¢\Zt—p
_exe(—\ _e\et—\' T T

H\et—q

A4

dm 0 Sle Lol ¢ Ssan S5 i (280 cne o Vdsaa oo R Square jlase gabs s

W oo Ol Vbl o) smts

v)




e sl 4SS ol solono i b Jo )L(oﬁj‘jﬂﬁwflé)wn

el S e Sks 5 sae S5 4830 S50 G 5P s Jse SL2{0. ) {D T oTse <
K] PACF GLA‘)‘JJAl uuLua‘):\ JJﬁbw a.sL?G.wl ACF K] PACF GL&‘)‘JJA:: :)l q K] p Oﬁﬂ (5‘):\

Cobes 5 el s Joo il cgolel SaBT aladl 5 Gy 5 J8E Lpeme oy 50 ACF

sl o sV pan o Spalie (Sike 5 g S5 531 (sl 55 5 Ko g ool

Sled o a5l Jeals @l Vd gan

Type Coef SE Coef T P
AR(Y) -/¥aso VAR TAY Y/to AR
MA(Y) -/ava. AN YY/o¥ o[

JJJ—A:JL;A ..\...AJ..\\Y ).»b;ARIMA(\,\,\)JAA 6‘)3“)‘ J...cLs GUA; sy u:\ial:m
LAEJ‘JJS4-_#jnJ..\).aG&AMJJ@@PMEJJEQJLA@'JJJ#@ saaliie

el Hlassa s ot cudS Bl salgiduy puace 4SS Jae o

SSdasia -0

A € o St (g 5lane alk e ims e A a5 o pge sl I S
S lelse oo sims auac ladid (glars alib Ho ool S o Slae udS 5 (ol
s s G5 T 5 S0y i ol ¥ s 5o L olasd ol Loty ohass
L 5 08 o Jae Uy s 3o 3 saae sty St (5 lane b 5o Sliias 335
Ol 0 S S 5 1 Sl ghlare alsb Ho BB el e G JulEie 31 a4l
L rme 4Kt (olans diage (alob (sl Lptnle)T (alol S5 5 e Jao K (3aas
Sl Gl sladsy slaad @Sud g o solgidng Jao 5o ol sud Al sud culaa 5 ,S0k
4388 Sl o ead S5 Jolse G Jolie J31 5 (bass B (B3N sa ke ol ¥ o slgs
=4S (s ,als e Jalse ool oS wan o s 3a8a3 Gl a3 B ol sut
9= g0 Slasal 5o S el Jla o gl sl olEe 51 S Jolge b aipls aSes o Slae
e o 4388 G alb Jalse o JilESe 3



rr‘/WJL:...oj‘zULo..:Ahj_;; JL—J/':_}L&J‘QJAML—LAJ

ﬁ&)ﬁh@@ﬂ@@)@@‘ﬁ(5‘):\(54L@Aﬁa3¢du_}‘éfa.\;3&5|)d

[—.’(SJL@;“J%JJ—“~3J—SMWGAJJ—E3AL3M|°MJ éd&a‘)&isds‘)gﬂldw
Sae Swgin gl e Sad Jao S qgolars (alib o a s sl O suldil
)= Oninan .l s sols lis solgidig Jas 553 O o g sad suls a3 S8
oS sledas 5 aan S5 suliind b Jus 5o solel slagios b (ouae St o Slae 4l
u'b_;ALH|JJJlSCA_Md)_uA_AU_eJuL;\3_)J GMT&MJM&\&CM‘AM UA‘)L).\_A_SA;J

R R R

Gﬁ‘d\)ﬁjﬁdﬁ—f
clasals & bssye ledll LS LLEAT 5o colen w4 3a3 ol L3 ol Gl
Q‘JLSAAJé&:&&uhd‘)\ﬂ}uﬂ*&gﬁpm\,}\s@\g}gepqx&;‘;g&dw

t.)u.a -V

[1] Rumelhart D. E., Hinton G. E., Williams R. J.; Learning internal representation
by back-propagating errors; MIT Press, 1986.

[2] Widrow B., Rumelhart D. E., Lehr M. A.; “Neural networks: Applications in
industry, business and science”; Communications of the ACM,Vol.37, 1994.

[3] Granger C. W. J., Terasvirta T.; Modeling nonlinear economic relationships;
Oxford University Press, 1993.

[4] Hwarng H.B., “Insights into neural-network forecasting of time series
corresponding to ARMA(p,q) structures”; Omega 29, 2001.

[5] Zhang G. P., Patuwo B. E., Hu M. Y.;* A simulation study of artificial neural
networks for nonlinear time-series forecasting”; Computers & Operations
Research,Vol. 28 , 2001.

[6] Marquez L.;“Function approximation using neural networks: A simulation
study”; Ph.D. Dissertation, University of Hawaii, 1992.

[71 Ash T.; “Dynamic node creation in backpropagation networks”; Connection

0



e sl 4SS ol solono i b Jo )L(oﬁj‘jﬂﬁwflé)wn

Science,Vol.1,1998.

[8] Fahlman S.E., Lebiere C.;The cascade-correlation learning architecture; Advances
in Neural Information Systems; Morgan-Kaufmann, Los Altos, CA, 1990.

[91 Kwok T.Y., Yeung D.Y.;“Experimental analysis of input weight freezing in
constructive neural networks”; IEEE International Conference on Neural
Networks, San Francisco, CA, 1993.

[10] Islam M. M., Murase, K.,” A new algorithm to design compact two-hidden-
layer artificial neural networks”, Neural Networks,Vol.14, 2001, 1265-1278.

[11] Miller G.F., Todd P.M., Hedge S. U.;* Designing neural networks using
genetic algorithm”; In: Proceedings of the Third International Conference on
Genetic Algorithms,1989.

[12] Schaffer J. D., Caruana R .A., Eshelman L.J., “ Using genetic search to exploit
the emergent behavior of neural networks”; Physica D.Vol.42, 1990.

[13] Arifovic J., Gencay R.,“Using genetic algorithms to select architecture of a
feedforward artificial neural network’; Physica A,Vol.289, 2001.

[14] Benardos P.G.,Voshiakos G., “Optimization feedforward artificial neural
network architecture”; Engineering applications of artificiall intelligence,
article in press,2006.

[15] Kwok T.Y., Yeung D.Y., “Constructive algorithms for structure learning in
feedforward neural networks for regression problems”; IEEE Transactions on
Neural Networks, VVol.8, 1997.

[16] Khaw J.F.C., Lim B.S., Lim L.E.N. “Optimal design of neural networks using
the Taguchi method”; Neurocomputing, Vol.7, 1995.

[17] Lin N.H., Chen J.C., “Evaluation of fuzzy-nets training efficiency”; Proceedings of
the 1996 Asian Fuzzy Systems Symposium, Taiwan, ROC, 1996.

[18] Lin T.Y., Tseng C.H.; “Optimal design for artificial neural networks: an
example in a bicycle derailleur systems”; Engineering Applications of Artificial
Intelligence, VVol.13, No.1, 2000.

[19] Teo M.Y., Sim S.K., “Training the neocognitron network using design of

ay



rr‘/WJL:...oj‘ZULo..:AYU_;; JL—J/':_}L&J‘QJAML—LAJ

experiment”; Artificial Intelligence in Engineering, Vol.9, No.2, 1995.

[20] Wang Z., Massimo C. D., Tham M. T., Morris A. J.; “A procedure for
determining the topology of multilayer feedforward neural networks”; Neural
Networks, Vol.7, No.2, 1994.

[21] Murata N., Yoshizawa S., Amari S.; “Network information criterion-
determining the number of hidden units for an artificial neural network model”;
IEEE Transactions on Neural Networks, Vol.5, No.6, 1994.

[22] Roy A., Kim L. S., Mukhopadhyay S.; “A polynomial time algorithm for the
construction and training of a class of multilayer perceptrons”; Neural
Networks , Vol.6, 1993.

[23] Zhang G., Patuwo B.E., Hu M. Y.; “Forecasting with artificial neural networks:
The state of the art”; International Journal of Forecasting ,\Vol.14, 1998.

[24] Kang, S.; “An Investigation of the Use of Feedforward Neural Networks for
Forecasting”; Ph.D. Thesis, Kent State University, 1991.

[25] Tang Z., Almeida C., Fishwick P. A; “Time series forecasting using neural
networks vs Box-Jenkins methodology”; Simulation , Vol.57, No.5, 1991.

[26] Kermanshahi B.; “Recurrent neural network for forecasting next 10 years loads
of nine Japanese utilities”; Neurocomputing, VVol.23, 1998.

[27] Kuan C.L.; “Forecasting exchange rates using feed forward and recurrent
neural network”; Journal of Applied Econometrics, Vol.10, 1995.

[28] Connor J.T., Martin R.D., Atlas L. E.: “Recurrent neural network and robust
time series prediction”; IEEE Transaction on Neural Network, Vol.16 ,1994.

[29] Mediros M.C.P.; “What are the effects of forecasting linear time series with
neural network?”; Engineering Intelligent Systems 4, 2001.

[30] Parrlos A.G., Rais O.T., Atiya A. F.; “Multi step ahead prediction using
dynamic recurrent neural network”; Neural Network 13, 2000.

[31] Husken M.S.; “Recurrent neural network for time series classification”;
Neurucomputing,VVol.50, 2003.

[32] Vermark J.B.; “Recurrent neural network for short term load forecasting”;

ay



e sl 4SS ol solono i b Jo )L(oﬁj‘jﬂﬁwflé)wn

IEEE Transaction on Power System, Vol.1, No.13, 1998.

[33] Barron A.R.; “A comment on Neural networks: A review from a statistical
perspective”; Statistical Science, Vol.9 , No.1, 1994,

[34] Srinivasan D., Liew A.C., Chang C. S.; “A neural network short-term load
forecaster”; Electric Power Systems Research, VVol.28, 1994.

[35] Zzhang X.; “Time series analysis and prediction by neural networks”;
Optimization Methods and Software 4, 1994.

[36] Fausett L.; Fundamentals of Neural Networks; Prentice-Hall, 1994.

[37] Lapedes A.,Farber R.; How neural nets work; In: Anderson, D.Z., (Ed.), Neural
Information Processing Systems, American Institute of Physics, New York, 1988.

[38] Sharda R., Patil R.B.; “Neural networks as forecasting experts: An empirical
test”; In: Proceedings of the International Joint Conference on Neural
Networks, Washington, D.C.,Vol. 2, 1990.

[39] Makridakis S., Wheelwright S.C., McGee V. E., Forecasting: Methods and
applications, 2nd ed, John Wiley, New York, 1983.

[40] Yokum J.T., Armstrong J. S.; “Beyond accuracy: comparison of criteria used to
select forecasting methods”; International Journal of Forecasting, Vol.11, 1995.

[41] Montgomery D. C.; Design and analysis of experiments; Wiley, New York, 1991.

[42] Ediger V. S., Akar S.; “Arima forecasting of primary energy demand by fuel in
Turkey”; Energy Policy, Article in Press, 2006.

[43] Ghosh S.; “Future demand of petroleum products in India”; Energy Policy, 34, 2006.

[44] Pokharel S.; “An econometric analysis of energy consumption in Nepal”;
Energy Policy, Article in Press,2006.

[45] Nasr G.E., Badr E.A., Joun C.; “Backpropagation neural networks for modeling
gasoline consumption”; Energy Conversion and Management ,Vol.44, 2003.

[46] Jebaraj S., Iniyan S.; “A review of energy models, renewable and sustainable
energy review”;Vol.15, 2004.

[47] Box G. E., Jenkins G. M.; Time series analysis: Forecasting and control; San
Franciso, 1976.

af



rr‘/WJL:...oj‘zULo..:Ahj_;; JL—J/':_}L&J‘QJAML—LAJ

[48] Tang Z., Fishwick P. A.; “Feedforward neural nets as models for time series
forecasting”; ORSA Journal on Computing . VVol.5, No.4, 1993.

[49] Granger, C.W. J.; “Strategies for modeling nonlinear time-series relationship”;
The Economic Record,Vol.69, 1993.

0



